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Abstract: HAYNES® 718 is a nickel-based superalloy important in aerospace applications, due to its high This work is sponsored by
strength, corrosion resistance, and operating temperatures. To meet industry standards, time-dependent Haynes International, Kokomo, IN
deformation, known as creep, is crucial to understand and effectively quantify. Specifically, AMS 5596 requires a
minimum stress rupture life and elongation above 23 hours and 4%, respectively, at 1200 °F and 95-100 ksi. In l IAS ? D I I E S
this study, we investigate the addition of microstructural features to predict creep properties using machine
learning. International
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